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Abstract 
Context  Wildlife corridors have been proposed 
to strategically conserve wildlife habitat such that it 
facilitates connectivity between populations to allow 
dispersal, geneflow, and species migrations as the 
climate changes. However, few empirical examples 
have demonstrated the effectiveness of landscape-
scale wildlife corridors. The Florida Wildlife Cor-
ridor (FLWC) includes 7.3 million hectares of con-
nected undeveloped lands in Florida, USA, offering a 

real-world opportunity to assess the effectiveness of a 
landscape-scale corridor amid rapid development.
Objectives  Our objective was to evaluate how land 
cover and human population density influence wild 
turkey predicted occupancy and relative abundance. 
We then applied those relationships to predict how 
turkey populations differ inside and outside the Flor-
ida Wildlife Corridor (FLWC). Specifically, we com-
pared the spatial differences in predicted occupancy 
and relative abundance to infer the potential role of 
the FLWC in supporting turkey populations under 
current landscape conditions.
Methods  We first estimated the effects of land cover 
variables, climate, and human population density on 
wild turkey occupancy and relative abundance by 
integrating presence, count, and detection/non-detec-
tion data from citizen science and agency sources 
using hierarchical occupancy and spatially explicit 
integrated models. We used these modeled relation-
ships to predict turkey distribution (i.e., occupancy 
and relative abundance) statewide and compared 
these variables inside and outside the FLWC. Addi-
tionally, we compared observed productivity inside 
and outside the FLWC.
Results  Overall, the predicted occupancy and rela-
tive abundance were higher inside the FLWC com-
pared to outside. Both predicted occupancy and 
relative abundance tended to decrease with urbani-
zation and human population. Importantly, natural 
landcovers, including forests, shrublands, and grass-
lands, were predominantly located inside the FLWC, 
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whereas open water, agricultural, and higher human 
population densities were concentrated outside the 
corridor. Observed productivity was similar inside 
and outside the FLWC.
Conclusions  Given that measures of turkey popula-
tion productivity did not vary within and outside the 
FLWC, we speculate that the observed patterns may 
reflect indirect benefits of connectivity rather than 
direct effects on reproduction. For example, improved 
habitat availability or quality, movement opportu-
nities, or other effects that moderate survival (e.g., 
predator differences) may be underlying mechanisms 
behind the difference between inside and outside the 
FLWC. Nevertheless, given the observed differences 
in relative abundance and occupancy, our findings 
support the growing recognition of the importance of 
maintaining habitat connectivity for conservation of 
wildlife in the face of global change.

Keywords  Distribution · Habitat connectivity · 
Occupancy · Population · Wild turkey Meleagris 
gallopavo

Introduction

Habitat loss remains a major driver of global spe-
cies loss (Young et al. 2016; Fahrig et al. 2019; Jau-
reguiberry et  al. 2022). Anthropogenic pressures 
stemming from habitat loss manifest in various ways 
but commonly result in fragmentation of existing 
habitat patches (Young et al. 2016; Masson-Delmotte 
et  al. 2021). Intact natural areas are critical for spe-
cies conservation to sustain sufficiently large and 
viable populations and their resources (Wilson et al. 
2016; Plumptre et  al. 2021). Habitat connectivity 
– which is a measure of how landscapes allow for the 
dispersal of organisms (Taylor et al. 1999) – ensures 
that species can move between habitat patches, sup-
porting critical ecological processes such as gene 
flow (Sawaya et al. 2014), resource access, and thus 
increasing population resilience. Enhancing and 
maintaining habitat connectivity can improve func-
tional connectivity (Tischendorf and Fahrig 2000) 
and conservation outcomes in the face of ongoing 
anthropogenic changes.

A common technique to increase and maintain 
habitat connectivity is the development of habitat 
connectivity networks. These networks, often referred 

to as ecological or wildlife corridors, are broadly 
defined as a deliberate effort to establish or conserve 
usable space that connects isolated habitat patches to 
facilitate wildlife movement, dispersal, and geneflow 
(Tewksbury et al. 2002; Brodie et al. 2025). Wildlife 
corridors are a key strategy to enhance habitat con-
nectivity with a goal to link fragmented habitats, 
often surrounded by anthropogenically altered land-
scapes (Fletcher et  al. 2016; Gregory et  al. 2021; 
Wang et al. 2023). While habitat networks and wild-
life corridors are increasingly promoted as a priority 
conservation strategy (MacDonald 2003; DeFries 
et al. 2023), their effectiveness in biodiversity conser-
vation requires empirical evaluation in most systems. 
Efforts to understand functional connectivity mostly 
rely on animal movement behavior (Naidoo et  al. 
2018), but such data are often logistically difficult to 
collect and collate. In contrast, distribution and demo-
graphic data (e.g., occupancy, relative abundance, and 
productivity) can provide landscape-scale indicators 
of functional connectivity when compared inside and 
outside connectivity patches. These data reveal where 
populations exist and survive across heterogeneous 
environment and there is a growing number of stud-
ies that incorporate occurrence and/or abundance data 
(e.g.,Thapa et al. 2017; Iverson et al. 2024) to assess 
the efficacy of wildlife corridors. Yet, data that allows 
the assessment of the role of wildlife corridors on 
conservation outcomes is often limited in availability 
and/or spatial extent. There is also a notable gap in 
taxa representation within empirical field studies on 
connectivity, with most studies focusing on mammals 
(Wallace et al. 2020; Naidoo et al. 2018; Thapa et al. 
2017; Letro et  al. 2022; Leskova et  al. 2022; Dixon 
et al. 2006), meaning that the evidence for other taxa 
is weak. Filling this gap is crucial to fully understand-
ing and optimizing the role of wildlife corridors in 
biodiversity conservation.

In North America and across the southeastern 
United States (US), the role of wildlife corridors is 
important because of the increased potential to reduce 
the effects of anthropogenic climatic and environmen-
tal changes on wildlife (McGuire et  al. 2016). For 
example, in addition to climatic threats associated 
with sea-level rise and flooding, Florida is experienc-
ing a relatively rapid land use change in the form of 
urbanization and agricultural expansion, especially 
in the southern half of the state (Leskova et al. 2022; 
Daskin et al. 2024). These pressures have highlighted 
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the need for development of effective wildlife corri-
dors to facilitate species movement and population 
resilience. While narrow corridors are the classical 
focus of connectivity studies (e.g., Gilbert-Norton 
et al. 2010), large-scale conservation initiatives com-
bine extensive habitat cores with narrow linkages, 
creating mosaic landscapes of conservation value. 
The Florida Wildlife Corridor (FLWC), a statewide 
network of ~ 18 million acres (72,843 km2) or 43% 
of the state exemplifies this approach. The FLWC 
Act was signed into law in 2021, and its main mis-
sion is “To champion a collaborative campaign to 
permanently connect, protect and restore the Florida 
Wildlife Corridor” (The Florida Wildlife Corridor 
Act 2021; Florida Wildlife Corridor 2024). Parcels of 
land are continuously added to the FLWC such that 
an additional 82,000 ha have been incorporated into 
the FLWC since 2021 (Daskin et al. 2024). The effec-
tiveness of the FLWC on species of conservation con-
cern remains largely unknown, providing a valuable 
case study to test the importance of habitat connectiv-
ity for wildlife.

Recent analyses indicate declines in wild turkey 
(Meleagris gallopavo) populations across their range, 
potentially accelerating in recent years (Byrne et  al. 
2016; Parent et al. 2016). Wild turkey habitat require-
ments vary seasonally, but it is especially critical to 
understand the species’ habitat requirements during 
the breeding season. Reproductive success is particu-
larly dependent on frequent disturbance maintaining 
the vegetation structure that supports nesting and 
brood (poult) use, but is also influenced by climatic 
factors (Boone et al. 2023, 2024; Nelson et al. 2023). 
Moreover, there is evidence for adult female mortality 
during the nesting (Tyl et  al. 2023) and/or brooding 
stage driven by a mixture of anthropogenic impacts, 
loss of vegetation structure (Turner et al. unpublished 
results), and density-dependant factors (Chamberlain 
et  al. 2020). At both the local and landscape scale, 
vegetation heterogeneity and early succession habi-
tat (i.e., open patches), respectively, are selected by 
brood rearing females (Streich et  al. 2015; Bowling 
et al. 2015; Chamberlain et al. 2020; Pollentier et al. 
2017). At local scales, ground cover often character-
ized by a mixture of forbs or grasses, provide suitable 
foraging ground while facilitating poult movement, 
providing cover from predators, and minimizing ther-
mal stress (Dickson 1992). Dynamics of the species’ 
occurrence, population abundance, and productivity 

at broad scales and within the context of designated 
wildlife corridors, are less explored. Studies suggests 
that wild turkey distribution is discontinous (e.g., 
Pollentier et al. 2021), juvenile and adult female tur-
keys predominantly drive dispersal (Thogmartin and 
Schaeffer 2000; Watkins 2022), and that habitat loss 
increases dispersal distances (Marable et  al. 2012), 
which can negatively affect fitness. As such, the 
FLWC may play a vital role in promoting wild turkey 
populations, by allowing dispersal and gene flow.

We combined citizen science and state agency 
data, to model wild turkey distribution, abundance, 
and reproductive success across the state of Florida. 
We then used these modelled predictions to evaluate 
the contribution of the FLWC. To do this, we first 
analysed the relationships between environmental 
covariates and species occupancy and relative abun-
dance. Next, we used the fitted models to predict the 
distribution of the species across Florida. Finally, we 
used these predictions to compare species occupancy, 
relative abundance, and productivity inside and out-
isde the wildlife corridor. A secondary goal was to 
assess differences in occupancy and relative abun-
dance among the two subspecies of wild turkey found 
throughout Florida. Our findings add to the evidence-
base for the development of wildlife corridors for bio-
diversity conservation.

Methods

Study area

Our study is based in Florida and evaluates the 
impact of the FLWC based on geographic delinea-
tion described in the FLWC Act of 2021 (The Florida 
Wildlife Corridor Act 2021; Fig.  1). Initial attempts 
to develop the FLWC were spearheaded by the Flor-
ida Ecological Greenways Network (FEGN) (Hoctor 
et  al. 2000). There are several reasons to prioritize 
evaluation of ecological responses to the FLWC. First, 
the state’s natural landscapes continue to be converted 
to urban and agricultural landscapes, both inside and 
outside the FLWC (Daskin et  al. 2024). Second, 
approximately half (~ 9.6 million acres) of the ~ 18 
million acres of the FLWC is currently managed as 
conservation areas and the rest remains unprotected, 
despite being potentially critical for biodiversity con-
servation (Jenkins et  al. 2015). The FEGN labeled 
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these unprotected landscapes as ‘Opportunity Areas’, 
in recognition of their conservation value and critical 
role in facilitating contiguity of natural landscapes. 
Finally, FEGN continues to develop the FLWC and 
requires additional information, including on the 
status of wildlife species, to increase the predictive 
power of their habitat connectivity models.

Florida contains two wild turkey subspecies, the 
Eastern wild turkey (M. g. silvestris) and the Osceola 
wild turkey (M. g. osceola), but these are not sepa-
rated in the raw observations (i.e., rarely do citi-
zen science participants specify subspecies status). 

Instead, we used geographic boundaries. The Eastern 
Wild Turkey is dominant in the northern part of the 
state whereas Osceola occupies the peninsula Florida 
(Chamberlain et  al. 2022). Therefore, we designated 
the Northwest and North Central as Eastern wild tur-
key range whereas Northeast, Southwest, and South 
represented Osceola wild turkey range within Florida 
(Fig.  S1). While the state-delineated management 
regions are like those of the accepted range deline-
ation of subspecies, we acknowledge they do not 
match precisely.

Fig. 1   A Map showing the 
Florida Wildlife Corridor 
(FLWC) and a random 
selection of a quarter 
of locations where wild 
turkeys were observed from 
eBird and Florida Fish 
and Wildlife Conservation 
Commission (FWC) includ-
ing all iNaturalist observa-
tions during the brooding 
season (June–August) 
between 2020 and 2023. 
The black line represents 
the regional separation of 
Eastern wild turkey (north/
northwest of line) and 
Osceola wild turkey (south 
of line). subspecies. B The 
bar graph shows varia-
tion in the amount of land 
cover and human popula-
tion inside compared to 
outside the FLWC. Turkey 
brood-rearing important 
natural vegetation attributes 
(forests, shrublands and 
grasslands) are dominant 
inside the FLWC whereas 
human population includ-
ing developed landscapes 
(urban and cropland) are 
extensive outside
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Data collation and sorting

We aggregated and integrated three data types includ-
ing counts, presence-only and presence-non-detection 
observations from Florida Fish and Wildlife Conser-
vation Commission (FWC), iNaturalist, and eBird, 
respectively, between 2020 and 2023. While the three 
data sets comprise observations from across the state, 
their spatiotemporal coverage, size, and observational 
bias vary and therefore we expect that their joint 
modeling will produce more robust wild turkey distri-
bution estimates. We focused on data collected when 
wild turkeys could be observed with poults from June 
to August. Normally in Florida wild turkeys begin 
laying their eggs around early April, with a clutch 
size between 9 and 12 eggs, they take on average 12 
to 13  days to finish laying eggs. Incubation on the 
other hand lasts between 26–28 days and that means 
April is generally for laying eggs, May is for incuba-
tion, and June is when poults hatch.

eBird’s presence and non‑detection observations

We retrieved wild turkey observations (presence 
points) and sampling event information (with no wild 
turkey observations) from eBird (www.​ebird.​org). 
The eBird patform was developed by the Cornell Lab 
of Ornithology in 2002 (Sullivan et al. 2009). It is a 
semi-structured citizen science data program that 
allows for specifying whether an observer submitted 
a complete checklist or not. Complete checklists have 
been used to inform models built under the presence-
non-detection paradigm (e.g., Ramesh et  al. 2022). 
Specifically, complete checklists provide means to 
estimate species detection probability (Johnston et al. 
2021). We followed eBird’s best practices (Johnston 
et  al. 2021) to minimize some of the known biases 
within eBird observations. Specifically, we selected 
checklists (i) submitted by < 10 observers per check-
list, (ii) limited duration to < 300  min and (iii) from 
stationary or effort distance < 5  km. Furthermore, 
we attempted to limit the impacts of spatio-temporal 
bias in observations by subsampling data within 5 km 
hexagon grids across the state. Zero-filled eBird data 
often suffers from class imbalance, for instance, non-
detections tend to dominate the records; to minimize 
the effects of class imbalance (Steen et al. 2021), we 
subsampled the non-detections (Ramesh et al. 2022), 
by drawing a single random point from each 5  km 

hexagon cell per month during the four years before 
combining the non-detection data with the presence 
points. The eBird dataset contained 98,202 observa-
tions, of which 1687 were presence points and 96,507 
were absence points. Subsampling reduced the 
absence dataset to 13,691.

Florida Fish and Wildlife Conservation Commission 
(FWC) counts and productivity data

FWC’s brood surveys provide valuable information 
regarding wild turkey productivity. Agency employ-
ees and private citizens contributed geo-referenced 
wild turkey counts. Whenever possible, observers 
also provide demographic information by specify-
ing the number of gobblers, hens, and poults. We 
excluded data points without geographic information, 
points that fell outside the state boundary such as 
those falling within the ocean, and obviously aberrant 
data. To minimize double counting, the data collec-
tion protocol also encouraged participants to indicate 
whether they believed they had seen a wild turkey 
group before (yes or no) in a particular location and 
based on this information, we excluded records when 
an observer responded ‘Yes’. To further minimize 
potential bias in observations, we established 5  km 
hexagons across the state and randomly selected a 
single sample per hexagon cell per month. The FWC 
dataset contained 12,281 observations. We removed 
329 observations as part of data cleaning. We addi-
tionally removed 21.6% of the data (N = 2585) where 
the observer believed they had observed the same 
turkey in the past. Finally, subsampling resulted in 
the removal of 3409 observations. In all, 5958 FWC 
observations were included in analysis.

iNaturalist’s presence points

We retrieved presence-only observation data from 
iNaturalist (www.​inatu​ralist.​org), which is a plat-
form for assembling citizen biodiversity observations 
of various taxa. To share an observation, iNaturalist 
participants upload photographs or audio, along with 
the location, date, time, and an initial identification of 
the organism. To obtain ‘Research Grade’ status, an 
observation must have more than two-thirds agree-
ment on species identification from the community. 
For this study, we obtained all wild turkey observa-
tions classified as ‘Research Grade’ between June 

http://www.ebird.org
http://www.inaturalist.org
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and August from 2020 to 2023 via GBIF (GBIF.org 
2023). Similar to FWC datasets, we cleaned iNatural-
ist observations by removing points with inaccurate 
geographic location (observation accuracy meas-
ures ≥ 1 km). We then spatially subsampled the data 
by dividing the state into 5 km hexagonal grid cells 
and randomly selecting one observation per cell per 
month. The iNaturalist dataset contained 202 wild 
turkey observations. This filtering process removed 
20 observations, resulting in a final dataset of 182 
observations included in the analysis.

Covariates

To quantify variability in wild turkey occurrence 
and relative abundance in relation to the FLWC, we 
first examined variability in wild turkey occurrence 
and relative abundance throughout Florida. We uti-
lized landcover covariates from the National Land 
Cover Data (NLCD) of 2021 (Dewitz 2023), human 
population density from the Gridded Population of 
the World data set (Center for International Earth 
Science Information Network 2018), vegetation 
greenness (enhanced vegetation index (EVI)) com-
puted from the Landsat data (LANDSAT/LC08/
C02/T1_TOA) repository (USGS 2021), and annual 
mean temperature from WorldClim, at 30 s or ~ 1km2 
(Fick and Hijmans 2017; Table  S1). We reclassified 
the NLCD into seven classes, based on our under-
standing of wild turkey biology: water (open water 
bodies), developed (including cities/urban areas and 
other built land cover classes), grassland (combined 
pastures and open ground land cover classes), forest 
(combined all tree cover land classes), shrub, crops 
(agriculture), and wetland vegetation. Due to the 
high variability of wetlands in Florida, where some 
are wet year-around and others dry down for por-
tions of the year, we incorporated elevation (Dan-
ielson and Gesch 2011) into the wetland land cover 
layer. Therefore, this raster layer assigns a value of 
0 to all locations without wetlands, and a continu-
ous elevation value to locations where wetlands are 
present. To predict the effects of general vegetation 
greenness, we computed the enhanced vegetation 
index (EVI) based on Landsat 8 images taken by the 
operational land imager (OLI) sensor filtered to 2022. 
Specifically, we used the formula: 2.5 x ((B5—B4) / 
(B5 + 6 × B4—7.5 × B2 + 1)), to compute EVI follow-
ing Landsat 8 data extraction protocols. Landsat 8 and 

OLI sensor images have a 30 m resolution and with a 
16-day repeat cycle, computation of the monthly EVI 
index is possible. Furthermore, we extracted human 
population density from the Gridded Population of 
the World (GPW) database. The GPW version 4.1.1 
was released in July 2021 and modified in February 
2022. Human population density is estimated based 
on ~ 1 × 1  km grid cells across the globe. All data 
–  landcover, EVI computation, and GPW  –  were 
clipped to Florida in the Google Earth Engine plat-
form (GEE) (Gorelick et al. 2017). Landcover reclas-
sification was carried out in R (version 4.4.0) using 
the reclassify function of the raster package (Hijmans 
2025). We created a landcover, EVI, human popula-
tion density, and annual mean temperature raster-
stack by first resampling landcover and EVI with the 
resample function to the resolution of human popu-
lation density, which is ~ 1 km. Specifically, we used 
the ‘nearest neighbor’ and ‘bilinear’ methods to resa-
mple covariates of landcover and EVI tohuman popu-
lation density, respectively.

Statistical models

Occupancy model

Using the presence/non-detection data from eBird, we 
fitted a hierarchical single species occupancy model 
that separately accounted for ecological and detection 
processes (Dorazio et al. 2010) affecting wild turkey 
observations across Florida. Specifically, we used the 
spOccupancy package (Doser et al. 2022) to test the 
effects of forest, shrub, human population density, 
crops, vegetation greenness (EVI), urban, grassland, 
water, temperature, and elevation-modulated wetland 
covariates. To prepare the data, we used the format_
unkmarked_occu function in the auk package (Stri-
mas-Mackey et  al. 2025). In this function, site was 
defined as the geographic coordinates of the eBird 
checklist, site covariates were number of observa-
tions, geographic location, presence of forest, shrub, 
urban, crops, grassland, and water at site, EVI, popu-
lation density, annual mean temperature, and eleva-
tion in wetlands. Observation covariates included 
date (day of year, linear and quadratic terms), time at 
which observation started, duration of survey in min-
utes, distance traveled during survey, and number of 
observers. All covariates were centered and scaled 
using their mean and standard deviation before fitting 
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the model. For model fitting, we used the spPGOcc 
function in the spOccupancy package (Doser et  al. 
2022) to run three chains with 500 and 50 number of 
batches and batch length, respectively while specify-
ing 5000 samples as burn-in. We set the thinning rate 
at 10 resulting in a total of 6000 posterior samples. 
To assess model convergence, we used a combina-
tion of visualizing the trace plots and Gelman-Rubin 
diagnostics, with Rhat < 1.1, indicating model con-
vergence (Gelman and Rubin 1992). Using the pos-
terior samples, we computed posterior mean and the 
95% credible intervals for the different covariates that 
influenced occupancy.

Integrated model to estimate relative abundance

We modeled wild turkey relative abundance across 
Florida during the brooding season between 2020 
and 2023. Unlike absolute abundance, relative abun-
dance may be estimated from relatively less struc-
tured data sets such as citizen data and provide insight 
into population distribution (Callaghan et  al. 2024). 
We combined all three data sources (eBird, FWC, 
and iNaturalist) using the data integration proto-
cols within the PointedSDMs package (Mostert and 
O’Hara 2023). The integrated model consisted of 
three likelihoods for our three data sets: eBird, FWC, 
and iNaturalist, providing presence-non-detection, 
counts, and presence-only information, respectively. 
We chose to model eBird as presence-non-detection 
to account for sampling and spatial bias. This model 
framework then uses joint likelihood to estimate the 
ecological parameters using all data; while allowing 
for the incorporation of dataset-specific variables that 
describe their contrasting observation/sampling pro-
cesses (Isaac et al. 2020).

To jointly model the ecological factors, the pres-
ence-non-detection (Eq.  1), count (Eq.  2), and pres-
ence (Eq.  3) sub-models shared the same covariates 
described above. Moreover, the three models shared a 
common spatial term, �shared , that described potential 
autocorrelation between observations, but each model 
had a distinct intercept.

Specifically, this means that we specified the fol-
lowing linear predictors:

eBird: YeBird ∼ Binomial
(

pi
)

(1)
c log ⋅ log(pi) = �eBird + �1,eBirdx1 … �n,eBirdxn + �shared(s)

where, YeBird is the binary presence-non-detection 
response while �i represent the probability of the 
presence of wild turkey at location i. The comple-
mentary log–log link function links the probability 
of presence to the covariates described above ( x1−xn ) 
and their coefficients (�1,eBird − �n,eBird)

Where Y are the counts and presence points of 
each respective dataset, and η is the intensity of the 
underying point pattern of species presences, and 
ω(s) is the thinning parameter of this point pattern 
for iNaturalist data to reflect imperfect detection, and 
�bias describes an additional spatial term to describe 
spatial bias in recording effort affecting the presence-
only and count data.

To represent the observational processes affect-
ing each dataset, we included time at which observa-
tion started, duration of survey in minutes, distance 
traveled during survey, number of observers, and date 
for the presence-non-detection dataset (eBird), while 
specifying only date for presence-only (iNatural-
ist), and count data (FWC) as detection covariates by 
specifying ‘pointCovariates’ withing the startISDM 
function. To account for the spatial bias of recorder 
affecting the presence-only (iNaturalist) and count 
dataset (FWC), we followed the recommendation of 
Simmonds et  al. (2020) and used the addBias func-
tion to create a second spatial field.

We specified penalized complexity priors on the 
range and variance. Specifically, we set the prior such 
that there is a 95% probability that the spatial range 
(i.e., the distance at which spatial autocorrelation 
becomes negligible) is greater than 5 km. This reflects 
the assumption that spatial dependence in wild turkey 
observations is unlikely to occur at very fine spatial 
scales. For the variance of the spatial field, we set a 
prior with 95% probability that the standard deviation 
lies between 0 and 5, thereby limiting extreme spatial 
heterogeneity unless strongly supported by the data. 
We tested different combinations of the four prior 
specifications and found that the analysis was not 
sensitive to these decisions (Fig. S2). To map relative 
abundance (or rather, intensity of the point pattern), 

(2)
FWC: ⋅ Y

FWC
∼ Poisson

(

exp�FWC(S)
)

�
FWC(S)

=
FWC

+�1,FWC
x1 … �

n,FWC
x
n
+ �

shared(s) + �
bias[FWC](s)

(3)
iNaturalist: ⋅ Y

iNat
∼ Poisson

(

�(s) ⋅ exp�iNat (s)
)

�(s)

=
iNat

+�1,iNatx1 … �
n,iNatxn + �

shared(s) + �
bias[iNat](s)
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we used the predict function from the PointedSDMs 
package (Mostert and O’Hara 2023) on 10000 sam-
ples. This function draws on the integrated model to 
generate predictions of relative abundance for each 
grid cell. We plotted the data using the st_as_stars 
function from the stars package (Pebesma and Bivand 
2023) to create Fig.  3B and set up the data for the 
comparison of relative abundance inside and outside 
the FLWC.

To assess model fit while accounting for spatial 
structure in the data, we used the blockedCV func-
tion to implement spatial block cross-validation. This 
analysis resulted in a cross-validated deviance score 
for each spatial block, which was used to evaluate the 
model’s predictive performance while accounting for 
spatial autocorrelation. We divided the study area into 
spatial blocks using a 10 × 10 grid (rows × columns) 
and specified 5 folds (k = 5) for cross-validation 
using the spatialBlock function from the PointedS-
DMs package (Mostert and O’Hara 2023). To assess 
the influence of each dataset on the integrated model, 
we conducted a dataset exclusion analysis using the 
datasetOut function from the PointedSDMs package 
(Mostert and O’Hara 2023), refitting the integrated 
model while systematically leaving out one dataset 
at a time. This approach allowed us to evaluate the 
relative contribution of each dataset to model perfor-
mance and parameter estimates.

Assessing variation in occupancy, relative 
abundance, and productivity inside and outside 
the FLWC

To compare wild turkey occupancy and relative abun-
dance inside and outside the FLWC, we used the 
occupancy model and the integrated model to pre-
dict occupancy and relative abundance (at 95% cred-
ible intervals) of the species, respectively, across the 
whole of Florida at a resolution of 1 km2. We then 
compared the mean predicted occupancy and rela-
tive abundance (and standard deviation) of pixels 
that were inside and outside the FLWC. We focused 
on comparing predicted occupancy and abundance 
rather than including FLWC as a covariate in the 
models themselves (Eqs.  1–3), because our interest 
was in assessing whether the FLWC protects areas 
with higher predicted abundances of wild turkey 
across the whole region. To do this, we fit a Gaussian 

generalized linear model to the data, where the pre-
dicted occupancy and relative abundance were treated 
as response variables and Corridor (inside vs. outside 
the FLWC) was the main predictor of interest. We 
evaluated model fit using the r2 function in the per-
formance package (Lüdecke et al. 2021) to obtain R2.

To assess the effects of the FLWC on wild turkey 
productivity, we investigated variability in the num-
ber of poults and poults per hen inside compared to 
outside the FLWC using the demographic informa-
tion from the FWC data set. Specifically, to assess the 
effect of the FLWC on the number of poults, we used 
the glmmTMB package (Brooks et  al. 2017) to fit a 
zero-inflated Poisson generalized linear model. Cor-
ridor (inside vs. outside the FLWC) was included as 
the main predictor of interest. Year (2020–2023) was 
included as a fixed effect to account for interannual 
variation, as the model did not converge when Year 
was treated as a random effect due to the small num-
ber of levels. We also quantified turkey productivity 
by computing the poults-per-hen ratio (a general pro-
ductivity index for the species) and using this ratio as 
a response variable, fitted a generalized mixed-effect 
model with a log-link gamma distribution treating 
year and corridor like the poult abundance model 
described above. To determine model fit, we used 
the r2 function in the performance package (Lüdecke 
et al. 2021) to obtain adjusted R2.

Results

Effects of land cover, temperature and human 
population on occupancy and relative abundance

Wild turkey occupancy was positively associ-
ated with forest (mean = 0.48, CRI = 0.003–1.62), 
grassland (mean = 1.86, CRI = 0.36–4.24), shrub 
(mean = 1.49, CRI = 0.024–3.68), and increased 
with elevation gain in wetland habitat (mean = 0.51, 
CRI = 0.13–1.00). On the other hand, occupancy 
was negatively associated with human popula-
tion (mean =  − 1.08, CRI =  − 1.64– − 0.57), tem-
perature (mean =  − 0.50, CRI = −0.85– − 0.17), 
and urban (mean =  − 0.48, CRI =  − 0.85– − 0.12). 
Crops (mean =  − 0.13, CRI =  − 0.35–0.1), 
EVI  (mean =  −  0.31, CRI =  − 0.66–0.04), and 
water (mean =  − 0.05, CRI =  − 0.25–0.17) did not 
have a significant positive or negative trend with 
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wild turkey occupancy (Fig.  2A). Regarding effects 
on variation in wild turkey relative abundance, 
crops (mean = −  0.05, CRI =  − 0.14–0.04), EVI 
(mean = − 0.17, CRI =  − 0.54–0.20), shrub cover 
(mean =  0.02, CRI =  − 0.16 – 0.19), and elevation in 
wetland (mean =  0.00002, CRI =  − 0.14  – 0.14)  did 
not have a significant negative or positive trend with 
wild turkey relative abundance (Fig. 2B). Conversely, 
temperature (mean =  − 1.42, CRI =  − 2.22 – − 0.63), 
forest (mean =  − 0.15, CRI =  − 0.18–−  0.12), grass-
land (mean =  − 0.17, CRI =  − 0.22 – − 0.13), human 
population (mean =  − 1.16, CRI =  − 2.24 – − 0.08), 
urban (mean =  − 0.05, CRI =  − 0.09 – -0.01), and 
water (mean =  − 0.30, CRI =  − 0.41 – − 0.20) drove 
negative associations (Fig. 2B).

General variability in occupancy and relative 
abundance across Florida

Predicted wild turkey occupancy was marked by dis-
tinct patterns (Fig.  3A), tending to be higher in the 
northern part of the state, where Eastern  wild tur-
key’s occur, and lower in the southern part of the 
state across the Osceola range. Moreover, the species’ 
occupancy was invariably low across urban areas and 
areas experiencing agricultural intensification. Occu-
pancy patterns varied substantially across southwest-
ern Florida. Likewise, estimated relative abundance 
varied across Florida with low populations predicted 
in southern Florida, around urban and agricultural 
areas (Fig. 3B).

Spatial block cross-validation revealed that DIC 
values ranged from 35,834 to 42,063 across the five 
spatial folds, with a mean DIC of 39,900, indicat-
ing variation in model performance depending on 
spatial partitioning. The leave-one-dataset-out cross-
validation analysis identified the FWC dataset as the 
most influential contributor to model performance 
(CV = 85,362). The eBird dataset also provided valu-
able information (CV = 2,795), while the iNatural-
ist dataset had relatively little impact on the model 
(CV = 191).

Variation in occupancy, relative abundance, and 
productivity inside and outside the wildlife corridor

Predicted mean wild turkey occupancy was higher 
inside (mean = 0.64, SD = 0.31) compared to out-
side (mean = 0.44, SD = 0.28) the FLWC (β = 0.194, 
SE = 0.001, p < 0.005, R2 = 0.168) (Fig.  4A; 
Table  S2). This relationship held true across the 
Osceola subspecies (β = 0.192, SE = 0.001, p < 0.005, 
R2 = 0.163) and the Eastern wild turkey subspe-
cies (β = 0.131, SE = 0.001, p < 0.005, R2 = 0.160) 
(Fig.  4E). Relative abundance was greater inside 
(mean = 0.41, SD = 0.41) compared to outside 
(mean = 0.40, SD = 0.37) the FLWC (β = 0.015, 
SE = 0.004, p < 0.005, R2 = 0.002) (Fig.  4B). The 
effect size of this relationship was positive in the 
Osceola subspecies (β = 0.039, SE = 0.006, p < 0.005, 
R2 = 0.012) compared with negative in the East-
ern wild turkey subspecies (β = -0.023, SE = 0.004, 

Fig. 2   The effects of the 
various covariates on wild 
turkey occupancy A and 
relative abundance B across 
Florida. Points representing 
posterior means and error 
bars reflect the 95% credible 
intervals. Wetlands account 
for elevation, so this reflects 
the relationship between 
wild turkey occupancy and 
relative abundance across 
the elevation gradient 
within this habitat. Purple 
points represent variables 
which the CRI overlaps 
zero, whereas yellow points 
represent variables for 
which the CRI does not 
overlap zero
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p < 0.005, R2 = 0.012) (Fig. 4F). Although these rela-
tionships were statistically significant, the corridor 
explained little of the variation in relative abundance 
across comparisons. When we compared the upper 
quartile variation in predicted wild turkey occupancy 
and relative abundance, we found that predicted occu-
pancy was similar inside and outside of the FLWC, 
while relative abundance was somewhat higher inside 
compared to outside the corridor (Fig. S4).

There was no difference in the number of poults 
inside (mean = 3.09, SD = 5.90) versus outside 
(mean = 3.05, SD = 5.04) the FLWC (β = -0.030, 
SE = 0.016, p = 0.061, adj R2 = 0.01) (Fig.  4C). 
Similarly, the number of poults per hen did not vary 
inside (mean = 2.03, SD = 2.66) compared to out-
side (mean = 1.95, SD = 2.61) the FLWC (β = -0.017, 
SE = 0.025, p = 0.491, adj R2 = 0.011) (Fig. 4D).

Discussion

Our results suggest that the FLWC had a positive 
effect on wild turkey occurrence and abundance. 
Given that human development was the strongest neg-
ative predictor of wild turkey relative abundance and 
occupancy, and the positive effect size was greatest 

in the most developed region of the state across the 
Osceola subspecies range, the FLWC may be particu-
larly important in the long-term conservation of wild 
turkeys in Florida and has been serving its primary 
purpose of halting development. Productivity metrics 
were not associated with the FLWC. The higher pre-
dicted occupancy and abundance within the FLWC 
likely reflect the combined effects of greater habitat 
availability or quality, reduced human pressure, and 
possibly improved movement or survival of adults 
within connected landscapes. For example, there 
could be differences in poult and adult female sur-
vival which are moderated by edge effects leading to 
greater exposure to predators within and outside the 
FLWC. Adult female survival is the most important 
vital rate influencing wild turkey population growth 
(Londe et  al. 2023), and adult female survival has 
recently declined across the range of wild turkeys 
(Lashley et al. 2025). Importantly, we did not meas-
ure these mechanistic explanations and suggest future 
work should incorporate movement and survival data 
to further refine a mechanistic understanding of how 
the FLWC supports higher relative abundance and 
occupancy of wild turkeys.

Fig. 3   Variability in wild turkey occupancy A and relative 
abundance B across Florida between 2020 and 2023. The black 
line represents the regional separation of Eastern wild turkey 
(north/northwest of line) and Osceola wild turkey (south of 

line). Warm colors indicate areas with high occupancy or pop-
ulation abundance while grey patches are open water bodies. 
Maps of uncertainty for each model can be found in Fig. S3
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Fig. 4   Variation in occupancy A and relative abundance 
B, the number of wild turkey poults C and poults per hen D 
inside and outside the Florida Wildlife Corridor (FLWC) dur-
ing the brooding seasons between 2020 and 2023. Panels, E 
and F shows variation in occupancy and relative abundance, 
respectively, of the Eastern wild turkey (Eastern WT) and 

Osceola Wild Turkey (Osceola) subspecies. In the boxplots, 
the horizontal line inside each box shows the median and the 
box spans from the 25th to the 75th percentile. For productiv-
ity measures (C and D), data were filtered to remove outliers 
above the 99th percentile to improve visualization. To see the 
full plots without outliers removed, Fig. S4
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Relationships between land cover, temperature, and 
human population on wild turkey occupancy and 
relative abundance

Both predicted wild turkey occupancy and relative 
abundance were low across the southern part of Flor-
ida and within urban areas or areas experiencing agri-
cultural intensification (e.g., near Lake Okeechobee). 
We found some mismatch between occupancy and 
relative abundance across Florida, contradicting 
the expectation that areas highly occupied by a spe-
cies also tend to support greater number of individu-
als (Gaston et  al. 2000). Both urbanization and the 
human population negatively impacted the species’ 
occupancy and relative abundance. Urbanization may 
pose a direct threat to wildlife by increasing animal-
vehicle collision (Conover et  al. 1995; Kays et  al. 
2017; Wightman et al. 2023) or indirectly through a 
suite of other disturbances (Venter et al. 2016), result-
ing in widespread landscape avoidance (Ciuti et  al. 
2012) and/or altered animal distribution.

Similar to studies that have predicted associations 
between vegetation heterogeneity and wild turkey 
broods (Chamberlain et al. 2020; Nelson et al. 2023), 
our results showed a positive link of occupancy with 
forest, shrub, and grass cover which supports this 
premise. Co-occurring grasslands, shrubs, and forests 
represent heterogeneous landscapes associated with 
high biodiversity (Tews et al. 2004). While trees and 
shrubs may provide cover and suitable roosting sites 
(Chamberlain et al. 2020), relatively open landscapes 
such as grasslands and early successional vegeta-
tion provide suitable foraging ground for broods by 
facilitating ease of poult movement while providing 
concealment (Little et al. 2016). Relative abundance 
was negatively associated with forests and grasslands 
and showed no relationship with shrublands, indicat-
ing that different vegetation types distinctly shape 
turkey distribution in the southeastern United States. 
Furthermore, closed canopies may present challenges 
associated with lack of suitable vegetation for nesting 
and brood-rearing.

More generally, other environmental covariates 
(e.g., water, grassland) differed in both the strength 
and direction of their effects between occupancy and 
relative abundance models. This difference between 
occupancy and relative abundance likely reflects how 
these two metrics respond to different ecological 
processes or scales. Occupancy models capture the 

probability of presence (i.e., whether habitat is suit-
able for wild turkeys to occur) while relative abun-
dance captures how many individuals are likely to 
be present where turkeys do occur. Grasslands and 
forests, for example, were positively associated with 
occupancy but negatively associated with relative 
abundance. These discrepancies may arise from fine-
scale habitat differences. For example, both forest and 
grassland cover were associated with higher occu-
pancy but lower relative abundance of wild turkeys. 
Although this may seem contradictory, it is likely 
due to variation in habitat quality within these land 
cover types. For example, grasslands can range from 
sod-forming grasses to native longleaf pine (Pinus 
palustris) savannas, and forested areas may greatly 
differ in structure and management (e.g., prescribed 
fire). These differences illustrate the importance of 
considering both occupancy and relative abundance 
to fully understand how an organism responds to the 
landscape.

Although we found a slightly negative relation-
ship with croplands, it is important to note that our 
cropland covariate included a variety of farming 
practices, likely with differing impacts on wild tur-
key occupancy. For example, empirically, we saw 
that high agricultural intensification practices, such 
as sugarcane farming, drove conspicuous negative 
effects across South Florida. Agricultural landscapes 
are predicted to enhance wild turkey foraging benefits 
(Pollentier et al. 2017) and farms that maintain native 
vegetation cover may contribute to habitat availabil-
ity, which was observed in parts of northern Florida. 
Agricultural management may alter predator dynam-
ics and shape predator communities (Muhly et  al. 
2011). Furthermore, although there was no significant 
positive association of crops with predicted wild tur-
key relative abundance, highly productive landscapes 
such as agricultural mosaics can attract high animal 
densities (Lewis et  al. 2015) to exploit ephemeral 
resources. Regarding climate-related impacts, the 
negative and positive associations of occupancy and 
relative abundance with mean annual temperature, 
respectively, reflect the complex nature of potential 
climate impacts on wild turkey during the breed-
ing season in the southeastern United States (Boone 
et  al. 2024, 2023). Temperature variation may drive 
fine-scale habitat selection while simultaneously 
impacting broadscale population dynamics. On the 
other hand, although flooding can be detrimental for 
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ground-nesting avian species (Fisher et  al. 2015), 
perhaps ephemeral wetlands such as those occur-
ring at higher elevations contributes to wild turkey 
productivity.

Relationships between occupancy, relative 
abundance, and productivity and the FLWC

Low predicted wild turkey occupancy and relative 
abundance outside the FLWC are unsurprising given 
the high human population and presence of other 
disturbances such as urbanization and agricultural 
intensification (Fig.  1), including the historical high 
rate of general land use intensification outside the 
FLWC (Daskin et  al. 2024) that influences habitat 
loss. Our results suggest that the FLWC may form 
important core areas that correlate with wild turkey 
populations similar to what has been demonstrated in 
sage-grouse-landscape associations (Burkhalter et al. 
2018). This may be especially true if areas outside 
the FLWC experience increased development, agri-
cultural intensification, and population density, as the 
corridor could then provide an even greater benefit 
to wild turkey occupancy (see supplementary analy-
sis described in Fig. S6). However, the effect size of 
the FLWC on predicted occupancy and population 
abundance was likely conservative because the cor-
ridor also encompasses unsuitable turkey habitat 
such as the Everglades (a wetland) region. Further, 
although the differences in predicted occupancy and 
relative abundance inside versus outside the FLWC 
were statistically significant, the amount of variation 
explained by the corridor was small (R2 = 0.015). This 
suggests that while the pattern is consistent across 
analyses, the biological effect is modest in magnitude 
and the observed differences are likely driven by indi-
rect effects, as mentioned above.

We found that the Osceola subspecies is expected 
to benefit from the FLWC as it had greater predicted 
occupancy and relative abundance inside the FLWC. 
In contrast, the Eastern subspecies is only expected 
to benefit in terms of greater predicted occupancy but 
not necessarily relative abundance. Unlike the East-
ern wild turkey, the Osceola wild turkey is endemic 
to Florida and therefore loss in natural vegetation and 
increase in human pressure would have significant 
impacts for the subspecies. Particularly, most devel-
opment and increase in human population is occur-
ring across the Osceola range and therefore creation 

and maintenance of turkey habitat within the FLWC 
and surrounding landscapes is crucial for conserva-
tion of this endemic subspecies. This relationship 
highlights a couple of important findings to inform 
strategic efforts to plan wildlife corridors. First, 
urbanization is a primary proximate threat and sec-
ond, the effectiveness of wildlife corridors increases 
with increasing urbanization. Productivity may not 
be related to the FLWC because there is no substan-
tial difference in turkey nesting and brood-rearing 
habitat quality within or outside the corridor at large 
scales. Variability in wild turkey productivity may be 
a functioning at too fine of a spatial scale for those 
differences to be evident in the FLWC. Fundamen-
tally, given that our study does not support productiv-
ity as the mechanism underlying the greater predicted 
occupancy and relative abundance within the FLWC, 
we speculate that adult survival represents an alter-
nate driver of these patterns as increased connectiv-
ity can enhance access to resources. However, further 
research is warranted to confirm these patterns.

Importantly, the FLWC was only formally estab-
lished in 2021 and therefore our analyses do not 
evaluate changes before and after its creation. Instead, 
interpretation of the above patterns should be in the 
currently observed relationships between predicted 
wild turkey occupancy, relative abundance, and pro-
ductivity inside versus outside the areas encompassed 
by the FLWC. These patterns therefore reflect how 
landscapes currently designated within the corridor 
differ from surrounding regions, rather than direct 
mechanistic effects of the FLWC. The corridor des-
ignation did not itself generate new habitat or imme-
diate ecological changes but consolidated and prior-
itized lands that were already functioning as wildlife 
habitat. Therefore, a “before-and-after” comparison 
is less meaningful than evaluating current differ-
ences between areas inside and outside the corridor. 
Our findings highlight the conservation value of these 
areas and provide an important baseline for future 
evaluations of how ongoing protection and manage-
ment within the FLWC influence wildlife populations 
over time.

Challenges and opportunities to expand on this study

While we frame our results within the context of the 
FLWC, we acknowledge that the FLWC encompasses 
more than narrow corridors. It is a mosaic of public 
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and private lands with varying degrees of connectiv-
ity, and as such, our results reflect broader landscape-
scale conservation value rather than the specific func-
tional role of narrow corridors (e.g., Gilbert-Norton 
et  al. 2010; Resasco 2019). Importantly, our study 
suggests that wildlife corridors across the southeast 
may be critical for wild turkey resilience by minimiz-
ing population impacts. The use of citizen science 
data in ecological modeling is increasing and filling 
gaps complementing many structured surveys (Hadj-
Hammou et al. 2017) while contributing to generation 
of strong species distribution inferences (Strebel et al. 
2022) and thus conservation policies (Wyeth et  al. 
2019). Additionally, while some data quality checks 
exist among big data platforms such as eBird and 
iNaturalist including large-scale camera trap projects 
(e.g., Cove et al. 2021), agencies should continue to 
collect high-quality data in structured formats. Such 
structured data are complementary to citizen science 
data, allowing for integrated models, such as the one 
fitted here, to be continually fit and updated or vali-
dated (Morera-Pujol et al. 2023). Our study contrib-
utes to the growing field of integrated modelling, pro-
viding a use-case scenario for how these models can 
and should be applied in the future. For example, by 
strategically designing local-scale surveys that com-
plement broad-scale citizen science efforts to capture 
fine-scale habitat associations, especially during criti-
cal periods of a species such as brooding, then more 
fine-scale patterns of organismal responses can be 
disentangled.

Conclusion

We demonstrated the importance of the FLWC to 
wild turkeys, particularly the endemic Osceola sub-
species, similar to other species (e.g., Dixon et  al. 
2006; Letro et al. 2022; Leskova et al. 2022), and that 
the FLWC Act has the potential to protect habitat that 
is suitable to wild turkeys. Given that about half of 
the wildlife corridor currently comprises opportunity 
areas (that are vulnerable to development), maintain-
ing the corridor’s conservation value will require 
prioritizing strategic protections in these landscapes. 
This is especially critical in the southeastern U.S., 
where natural lands are less connected (McGuire 
et  al. 2016) and underrepresented in the protected 
area network. Because the influence of the FLWC 

varied between the species’ distribution (occupancy 
and relative abundance) and productivity, studies 
evaluating the role of wildlife corridors should con-
sider species productivity whenever possible. More 
work is needed to quantify and evaluate the benefits 
of the FLWC, and other large-scale habitat connectiv-
ity networks, for multi-species approaches.

Acknowledgements  We thank volunteers that submit obser-
vations to eBird, iNaturalist, and FWC. Furthermore, we thank 
B. Carpenter, J. Ofalt, and E. Zietler for their help sorting out 
agency data sets.  CTC acknowledges that this research was 
supported in part by the intramural research program of the 
U.S. Department of Agriculture, Hatch, FLA-FTL-006297. 

Author Contributions  MDS, BMM, DEB, and CTC led the 
analysis. CTC, CB, and MAL led the funding acquisition and 
conceptualized the project. All authors contributed to writing 
and reviewing the manuscript.

Funding  This work was funded by the National Wild Turkey 
Federation

Data availability  Data and code to reproduce these analyses 
are available here: https://​doi.​org/​10.​5281/​zenodo.​17574​714.

Declarations 

Conflict of interest  Authors declare no competing interests.

Open Access   This article is licensed under a Creative Com-
mons Attribution-NonCommercial-NoDerivatives 4.0 Interna-
tional License, which permits any non-commercial use, shar-
ing, distribution and reproduction in any medium or format, as 
long as you give appropriate credit to the original author(s) and 
the source, provide a link to the Creative Commons licence, 
and indicate if you modified the licensed material. You do 
not have permission under this licence to share adapted mate-
rial derived from this article or parts of it. The images or other 
third party material in this article are included in the article’s 
Creative Commons licence, unless indicated otherwise in a 
credit line to the material. If material is not included in the arti-
cle’s Creative Commons licence and your intended use is not 
permitted by statutory regulation or exceeds the permitted use, 
you will need to obtain permission directly from the copyright 
holder. To view a copy of this licence, visit http://​creat​iveco​
mmons.​org/​licen​ses/​by-​nc-​nd/4.​0/.

References

Boone WW, Moorman CE, Terando AJ, Moscicki DJ, Collier 
BA, Chamberlain MJ, Pacifici K (2023) Minimal shift 
of eastern wild turkey nesting phenology associated with 
projected climate change. Clim Change Ecol 6:100075

https://doi.org/10.5281/zenodo.17574714
http://creativecommons.org/licenses/by-nc-nd/4.0/
http://creativecommons.org/licenses/by-nc-nd/4.0/


Landsc Ecol            (2026) 41:6 	 Page 15 of 17      6 

Vol.: (0123456789)

Boone WW, Moorman CE, Moscicki DJ, Collier BA, Cham-
berlain MJ, Terando AJ, Pacifici K (2024) Robust assess-
ment of associations between weather and eastern wild 
turkey nest success. J Wildl Manag 88:e22524

Bowling AC, Parent CJ, Schiavone MV, Williams DM, Por-
ter WF, Swift BL (2015) Brooding over broods: regional 
impacts of habitat quality on wild turkey productivity. 
Natl Wild Turkey Symp 11:315–328

Brodie JF, Gonzalez A, Mohd-Azlan J, Nelson CR, Tabor G, 
Vasudev D, Zeller KA, Fletcher RJ Jr. (2025) A well-con-
nected earth: the science and conservation of organismal 
movement. Science 388(375):eadn2225

Brooks ME, Kristensen K, van Benthem KJ, Magnusson A, 
Berg CW, Nielsen A, Skaug HJ, Mächler M, Bolker BM 
(2017) glmmTMB balances speed and flexibility among 
packages for zero-inflated generalized linear mixed mod-
eling. R J 9:378–400

Burkhalter C, Holloran MJ, Fedy BC, Copeland HE, Crab-
tree RL, Michel NL, Jay SC, Rutledge BA, Holloran AG 
(2018) Landscape-scale habitat assessment for an imper-
iled avian species. Anim Conserv 21:241–251

Byrne ME, Chamberlain MJ, Collier BA (2016) Potential den-
sity dependence in wild turkey productivity in the south-
eastern United States. Proc 11th Natl Wild Turkey Symp 
11:329–351

Callaghan CT, Santini L, Spake R, Bowler DE (2024) Popula-
tion abundance estimates in conservation and biodiversity 
research. Trends Ecol Evol 39:515–523

Center for International Earth Science Information Network - 
CIESIN - Columbia University 2018 Gridded Population 
of the World, Version 4 (GPWv4): Population Density, 
Revision 11. Palisades, NY: NASA Socioeconomic Data 
and Applications Center (SEDAC)

Chamberlain MJ, Cohen BS, Bakner NW, Collier BA (2020) 
Behavior and movement of wild turkey broods. J Wildl 
Manage 84:1139–1152

Chamberlain MJ, Hatfield M, Collier BA (2022) Status and 
distribution of wild turkeys in the United States in 2019. 
Wildl Soc Bull 46:e1287

Ciuti S, Northrup JM, Muhly TB, Simi S, Musiani M, Pitt 
JA, Boyce MS (2012) Effects of humans on behaviour of 
wildlife exceed those of natural predators in a landscape 
of fear. PLoS ONE. https://​doi.​org/​10.​1371/​journ​al.​pone.​
00506​11

Conover MR, Pitt WC, Kessler KK, Dubow TJ, Sanborn A, 
Dubow TJ, Sanborn WA (1995) Review of human inju-
ries, illnesses, and economic losses caused by wildlife in 
the United States. Wildl Soc Bull 23:407–414

Cove MV, Kays R, Bontrager H, Bresnan C, Lasky M, Frerichs 
T, Klann R, Lee TE, Crockett SC, Crupi AP, Weiss KCB, 
Rowe H, Sprague T, Schipper J, Tellez C, Lepczyk CA, 
Fantle-Lepczyk JE, LaPoint S, Williamson J et al (2021) 
Snapshot USA 2019: a coordinated national camera trap 
survey of the United States. Ecology 102:e03353

Danielson JJ, Gesch DB (2011) Global multi-resolution terrain 
elevation data 2010 (GMTED2010):U.S. Geological Surv. 
https://​doi.​org/​10.​3133/​ofr20​111073

Daskin JH, Meeks A, Sclater VL, Sorfleet JM, Oetting J, Hoc-
tor TS, Guthrie JM, Swain HM (2024) Marshaling science 
to advance large landscape conservation. Conserv Sci 
Pract. https://​doi.​org/​10.​1111/​csp2.​13225

DeFries R, Parashar S, Neelakantan A, Clark B, Krishnas-
wamy J (2023) Landscape connectivity for wildlife and 
water: the state of the literature. Curr Landsc Ecol Rep 
8:149–158

Dewitz J 2023 National Land Cover Database (NLCD) 2021 
Products: U.S. Geological Survey data

Dickson JG (1992) The wild Turkey: biology and management. 
Stackpole Books, Harrisburg

Dixon JD, Oli MK, Wooten MC, Eason TH, M JW, Paetkau 
D, (2006) Effectiveness of a regional corridor in con-
necting two Florida black bear populations. Conserv Biol 
20:155–162

Dorazio RM, Kéry M, Royle JA, Plattner M (2010) Models 
for inference in dynamic metacommunity systems. Ecol 
91:2466–2475

Doser JW, Finley AO, Kéry M, Zipkin EF (2022) SpOccu-
pancy: an R package for single-species, multi-species, and 
integrated spatial occupancy models. Methods Ecol Evol 
13:1670–1678

Fahrig L, Arroyo-Rodríguez V, Bennett JR, Boucher-Lalonde 
V, Cazetta E, Currie DJ, Eigenbrod F, Ford AT, Harrison 
SP, Jaeger JAG, Koper N, Martin AE, Martin JL, Metzger 
JP, Morrison P, Rhodes JR, Saunders DA, Simberloff D, 
Smith AC et  al (2019) Is habitat fragmentation bad for 
biodiversity? Biol Conserv 230:179–186

Fick SE, Hijmans RJ (2017) Worldclim 2: new 1-km spatial 
resolution climate surfaces for global land areas. Int J Cli-
matol 37:4302–4315

Fisher RJ, Wellicome TI, Bayne EM, Poulin RG, Todd LD, 
Ford AT (2015) Extreme precipitation reduces repro-
ductive output of an endangered raptor. J Appl Ecol 
52:1500–1508

Fletcher RJ, Burrell NS, Reichert BE, Vasudev D, Austin JD 
(2016) Divergent perspectives on landscape connectivity 
reveal consistent effects from genes to communities. Curr 
Landsc Ecol Rep 1:67–79

Florida Wildlife Corridor 2024 About the corridor. https://​flori​
dawil​dlife​corri​dor.​org/​about/​about-​the-​corri​dor/

Gaston KJ, Blackburn TM, Greenwood JJD, Gregory RD, 
Quinn RM, Lawton JH (2000) Abundance-occupancy 
relationships. J Appl Ecol 37:39–59

GBIF.org 2023. GBIF Occurrence Download https://​doi.​org/​
10.​15468/​dl.​63caaa

Gelman A, Rubin DB (1992) Inference from iterative simula-
tion using multiple sequences. Science 7:457–472

Gilbert-Norton L, Wilson R, Stevens JR, Beard KH (2010) A 
meta-analytic review of corridor effectiveness. Conserv 
Biol 24:660–668

Gorelick N, Hancher M, Dixon M, Ilyushchenko S, Thau D, 
Moore R (2017) Google Earth Engine: planetary-scale 
geospatial analysis for everyone. Remote Sens Environ 
202:18–27

Gregory A, Spence E, Beier P, Garding E (2021) Toward best 
management practices for ecological corridors. Land 
10:140

Hadj-Hammou J, Loiselle S, Ophof D, Thornhill I (2017) Get-
ting the full picture: assessing the complementarity of 
citizen science and agency monitoring data. PLoS ONE 
12:e0188507

https://doi.org/10.1371/journal.pone.0050611
https://doi.org/10.1371/journal.pone.0050611
https://doi.org/10.3133/ofr20111073
https://doi.org/10.1111/csp2.13225
https://floridawildlifecorridor.org/about/about-the-corridor/
https://floridawildlifecorridor.org/about/about-the-corridor/
https://doi.org/10.15468/dl.63caaa
https://doi.org/10.15468/dl.63caaa


	 Landsc Ecol            (2026) 41:6     6   Page 16 of 17

Vol:. (1234567890)

Hijmans R (2025) raster: Geographic Data Analysis and Mod-
eling. R package version 3.6-32. https://​doi.​org/​10.​32614/​
CRAN.​packa​ge.​raster

Hoctor TS, Carr MH, Zwick PD (2000) Identifying a linked 
reserve system using a regional landscape approach: The 
Florida ecological network. Conserv Biol 14:984–1000

Isaac NJB, Jarzyna MA, Keil P, Dambly LI, Boersch-Supan 
PH, Browning E, Freeman SN, Golding N, Guillera-
Arroita G, Henrys PA, Jarvis S, Lahoz-Monfort J, Pagel 
J, Pescott OL, Schmucki R, Simmonds EG, O’Hara RB 
(2020) Data integration for large-scale models of species 
distributions. Trends Ecol Evol 35:56–67

Iverson AR, Waetjen D, Shilling F (2024) Functional land-
scape connectivity for a select few: Linkages do not con-
sistently predict wildlife movement or occupancy. Landsc 
Urban Plan 243:104953

Jaureguiberry P, Titeux N, Wiemers M, Bowler DE, Coscieme 
L, Golden AS, Guerra CA, Jacob U, Takahashi Y, Settele 
J, Díaz S, Molnár Z, Purvis A (2022) The direct drivers 
of recent global anthropogenic biodiversity loss. Sci Adv. 
https://​doi.​org/​10.​1126/​sciadv.​abm99​82

Jenkins CN, Van Houtan KS, Pimm SL, Sexton JO (2015) US 
protected lands mismatch biodiversity priorities. Proc Natl 
Acad Sci U S A 112:5081–5086

Johnston A, Hochachka WM, Strimas-Mackey ME, Ruiz Gut-
ierrez V, Robinson OJ, Miller ET, Kelling ST, Fink D, 
Alison Johnston C (2021) M E T H O D Analytical guide-
lines to increase the value of community science data: An 
example using eBird data to estimate species distributions. 
Divers Distrib 27:1265–1277

Kays R, Parsons AW, Baker MC, Kalies EL, Forrester T, Cos-
tello R, Rota CT, Millspaugh JJ, McShea WJ (2017) Does 
hunting or hiking affect wildlife communities in protected 
areas? J Appl Ecol 54:242–252

USGS Landsat 8 Collection 2 Tier 1 TOA Reflectance. Google 
for Developers. 2021. https://​devel​opers.​google.​com/​
earth-​engine/​datas​ets/​catal​og/​LANDS​AT_​LC08_​C02_​
T1_​TOA

Lashley MA, Chitwood MC, Moeller AK, Gulsby WD, Potash 
AD, O’Neil K, Turner M (2025) Decreased female sur-
vival may explain wild turkey decline. bioRxiv. https://​
doi.​org/​10.​1101/​2025.​05.​16.​654534

Leskova OV, Frakes RA, Markwith SH (2022) Impacting habi-
tat connectivity of the endangered Florida panther for 
the transition to utility-scale solar energy. J Appl Ecol 
59:822–834

Letro L, Fischer K, Duba D, Tandin T (2022) Occupancy pat-
terns of prey species in a biological corridor and infer-
ences for tiger population connectivity between national 
parks in Bhutan. Oryx 56:421–428

Lewis JS, Logan KA, Alldredge MW, Bailey LL, Vandewoude 
S, Crooks KR (2015) The effects of urbanization on popu-
lation density, occupancy, and detection probability of 
wild felids. Ecol Appl 25:1880–1895

Little AR, Chamberlain MJ, Conner LM, Warren RJ (2016) 
Habitat selection of wild turkeys in burned longleaf pine 
savannas. J Wildl Manag 80:1280–1289

Londe DW, Moeller AK, Lukacs PM, Fuhlendorf SD, Davis 
CA, Elmore RD, Chitwood MC (2023) Review of range-
wide vital rates quantifies eastern wild Turkey population 
trajectory. Ecol Evol 13:e9830

Lüdecke D, Ben-Shachar MS, Patil I, Waggoner P, Makowski 
D. 2021 performance: an R package for assessment, com-
parison and testing of statistical models. J Open Source 
Softw. https://​doi.​org/​10.​21105/​joss.​0313

MacDonald M (2003) The role of corridors in biodiversity 
conservation in production forest landscapes: a literature 
review. Tasforests 14:41–52

Marable MK, Belant JL, Godwin D, Wang G (2012) Effects 
of resource dispersion and site familiarity on movements 
of translocated wild turkeys on fragmented landscapes. 
Behav Process 91:119–124

Masson-Delmotte V, Zhai P, Pirani S, Connors C, Péan S, 
Berger N, Caud Y, Chen L, et al 2021 IPCC, 2021: Sum-
mary for Policymakers. In: Climate Change 2021: The 
Physical Science Basis. Contribution of Working Group I 
to the Sixth Assessment Report of the Intergovernmental 
Panel on Climate Change. Cambridge University Press, 
Cambridge

McGuire JL, Lawler JJ, McRae BH, Nuñez TA, Theobald DM 
(2016) Achieving climate connectivity in a fragmented 
landscape. Proc Natl Acad Sci U S A 113:7195–7200

Morera-Pujol V, Mostert PS, Murphy KJ, Burkitt T, Coad B, 
McMahon BJ, Nieuwenhuis M, Morelle K, Ward AI, 
Ciuti S (2023) Bayesian species distribution models inte-
grate presence-only and presence–absence data to pre-
dict deer distribution and relative abundance. Ecography 
2023:e06451

Mostert PS, O’Hara RB (2023) Pointedsdms: an R package to 
help facilitate the construction of integrated species distri-
bution models. Methods Ecol Evol 14:1200–1207

Muhly TB, Semeniuk C, Massolo A, Hickman L, Musiani M 
(2011) Human activity helps prey win the predator-prey 
space race. PLoS ONE 6:e17050

Naidoo R, Kilian JW, Du Preez P, Beytell P, Aschenborn O, 
Taylor RD, Stuart-Hill G (2018) Evaluating the effective-
ness of local- and regional-scale wildlife corridors using 
quantitative metrics of functional connectivity. Biol Con-
serv 217:96–103

Nelson SD, Keever AC, Wightman PH, Bakner NW, Collier 
BA, Chamberlain MJ, Cohen BS (2023) Age-based shifts 
in habitat selection of wild turkey broods. J Wildl Manag 
87:e22494

Parent CJ, Stevens BS, Bowling AC, Porter WF (2016) Wild 
turkey harvest trends across the midwest in the 21st cen-
tury. Proc Natl Wild Turkey Symp 11:211–223

Pebesma E, Bivand R (2023) Spatial data science: with appli-
cations in R. Chapman and Hall/CRC, London. https://​
doi.​org/​10.​1201/​97804​29459​0161

Plumptre AJ, Baisero D, Belote RT, Vázquez-Domínguez E, 
Faurby S, Jȩdrzejewski W, Kiara H, Kühl H, Benítez-
López A, Luna-Aranguré C, Voigt M, Wich S, Wint W, 
Gallego-Zamorano J, Boyd C (2021) Where might we find 
ecologically intact communities? Front for Glob Change 
4:626635

Pollentier CD, Lutz RS, Drake D (2017) Female wild turkey 
habitat selection in mixed forest-agricultural landscapes. J 
Wildl Manag 81:487–497

Pollentier CD, Hardy MA, Lutz RS, Hull SD, Zuckerberg B 
(2021) Gobbling across landscapes: eastern wild turkey 
distribution and occupancy–habitat associations. Ecol 
Evol 11:18248–18270

https://doi.org/10.32614/CRAN.package.raster
https://doi.org/10.32614/CRAN.package.raster
https://doi.org/10.1126/sciadv.abm9982
https://developers.google.com/earth-engine/datasets/catalog/LANDSAT_LC08_C02_T1_TOA
https://developers.google.com/earth-engine/datasets/catalog/LANDSAT_LC08_C02_T1_TOA
https://developers.google.com/earth-engine/datasets/catalog/LANDSAT_LC08_C02_T1_TOA
https://doi.org/10.1101/2025.05.16.654534
https://doi.org/10.1101/2025.05.16.654534
https://doi.org/10.21105/joss.0313
https://doi.org/10.1201/97804294590161
https://doi.org/10.1201/97804294590161


Landsc Ecol            (2026) 41:6 	 Page 17 of 17      6 

Vol.: (0123456789)

Ramesh V, Gupte PR, Tingley MW, Robin VV, DeFries R 
(2022) Using citizen science to parse climatic and land 
cover influences on bird occupancy in a tropical biodiver-
sity hotspot. Ecography 2022:e06075

Resasco J (2019) Meta-analysis on a decade of testing corridor 
efficacy: what new have we learned? Curr Landsc Ecol 
Rep 4:61–69

Sawaya MA, Kalinowski ST, Clevenger AP (2014) Genetic 
connectivity for two bear species at wildlife crossing 
structures in Banff National Park. Proc R Soc Lond B Biol 
Sci. https://​doi.​org/​10.​1098/​rspb.​2013.​1705

Simmonds EG, Jarvis SG, Henrys PA, Isaac NJB, O’Hara RB 
(2020) Is more data always better? A simulation study of 
benefits and limitations of integrated distribution models. 
Ecography 43:1413–1422

Steen VA, Tingley MW, Paton PWC, Elphick CS (2021) Spa-
tial thinning and class balancing: key choices lead to vari-
ation in the performance of species distribution models 
with citizen science data. Methods Ecol Evol 12:216–226

Strebel N, Kéry M, Guélat J, Sattler T (2022) Spatiotempo-
ral modelling of abundance from multiple data sources 
in an integrated spatial distribution model. J Biogeogr 
49:563–575

Streich MM, Little AR, Chamberlain MJ, Conner LM, Warren 
RJ (2015) Habitat characteristics of eastern wild turkey 
nest and ground-roost sites in 2 longleaf pine forests. J 
Southeast Assoc Fish Wildl Agencies 2:164–170

Strimas-Mackey M, Miller E, Hochachka W 2025. auk: eBird 
Data Extraction and Processing in R. https://​doi.​org/​10.​
32614/​CRAN.​packa​ge.​auk R package version 0.8.2.

Sullivan BL, Wood CL, Iliff MJ, Bonney RE, Fink D, Kelling S 
(2009) Ebird: a citizen-based bird observation network in 
biological sciences. Biol Conserv 142:2282–2292

Taylor PD, Fahrig L, Henein K, Merriam G (1999) Connectiv-
ity is a vital element of landscape structure. NCASI Tech 
Bull. https://​doi.​org/​10.​2307/​35449​27

Tewksbury JJ, Levey DJ, Haddad NM, Sargent S, Orrock JL, 
Weldon A, Danielson BJ, Brinkerhoff J, Damschen EI, 
Townsend P (2002) Corridors affect plants, animals, and 
their interactions in fragmented landscapes. Proc Natl 
Acad Sci USA 99:12923–12926

Tews J, Brose U, Grimm V, Tielbörger K, Wichmann MC, 
Schwager M, Jeltsch F (2004) Animal species diversity 
driven by habitat heterogeneity/diversity: the importance 
of keystone structures. J Biogeogr 31:79–92

Thapa A, Shah KB, Pokheral CP, Paudel R, Adhikari D, Bhat-
tarai P, Cruz NJ, Aryal A (2017) Combined land cover 
changes and habitat occupancy to understand corridor 
status of Laljhadi-Mohana wildlife corridor. Nepal. Eur J 
Wildl Res. https://​doi.​org/​10.​1007/​s10344-​017-​1139-9

The Florida Wildlife Corridor Act 2021 The Florida Wildlife 
Corridor Act, s. 259.1055, The Florida State Legislature. 

https://​www.​flsen​ate.​gov/​Sessi​on/​Bill/​2021/​976/​BillT​ext/​
er/​HTML

Thogmartin WE, Schaeffer BA (2000) Landscape attributes 
associated with mortality events of wild turkeys in Arkan-
sas. Wildl Soc Bull 28:865–887

Tischendorf L, Fahrig L (2000) On the usage and measurement 
of landscape connectivity. Oikos 90:7–19

Tyl RM, Rota CT, Lehman CP (2023) Factors influencing sur-
vival of female eastern wild turkeys in northeastern South 
Dakota. Wildl Soc Bull 47:e1429

Venter O, Sanderson EW, Magrach A, Allan JR, Beher J, Jones 
KR, Possingham HP, Laurance WF, Wood P, Fekete BM, 
Levy MA, Watson JEM (2016) Sixteen years of change in 
the global terrestrial human footprint and implications for 
biodiversity conservation. Nat Commun 7:1–11

Wallace R, Ayala G, Negroes N, O’Brien T, Viscarra M, Rein-
aga A, Márquez R, Strindberg S (2020) Identifying wild-
life corridors using local knowledge and occupancy meth-
ods along the San Buenaventura-Ixiamas road, La Paz, 
Bolivia. Trop Conserv Sci. https://​doi.​org/​10.​1177/​19400​
82920​966470

Wang Y, Qin P, Li S, Önal H (2023) Optimal configuration of 
a wildlife corridor system. Glob Ecol Conserv 46:e02560

Watkins SA (2022) Fine-scale genetic structure of eastern wild 
turkeys (Meleagris gallopavo silvestris) and the influence 
of kinship on female social structure. University of Geor-
gia, Thesis

Wightman PH, Martin JA, Kohl MT, Collier BA, Chamberlain 
MJ (2023) Effects of human and nonhuman predation risk 
on antipredator movement behaviors of an upland game 
bird. Ecosphere 14:e4581

Wilson MC, Chen XY, Corlett RT, Didham RK, Ding P, Holt 
RD, Holyoak M, Hu G, Hughes AC, Jiang L, Laurance 
WF, Liu J, Pimm SL, Robinson SK, Russo SE, Si X, Wil-
cove DS, Wu J, Yu M (2016) Erratum to: Habitat frag-
mentation and biodiversity conservation: key findings and 
future challenges. Landsc Ecol 31:229–230

Wyeth G, Paddock LC, Parker A, Glicksman R, Williams J 
(2019) The impact of citizen environmental science in the 
United States. Environ Law Rep 49:10237–10263

Young HS, McCauley DJ, Galetti M, Dirzo R (2016) Patterns, 
causes, and consequences of Anthropocene defaunation. 
Annu Rev Ecol Evol Syst 47:333–358

Publisher’s Note  Springer Nature remains neutral with regard 
to jurisdictional claims in published maps and institutional 
affiliations.

https://doi.org/10.1098/rspb.2013.1705
https://doi.org/10.32614/CRAN.package.auk
https://doi.org/10.32614/CRAN.package.auk
https://doi.org/10.2307/3544927
https://doi.org/10.1007/s10344-017-1139-9
https://www.flsenate.gov/Session/Bill/2021/976/BillText/er/HTML
https://www.flsenate.gov/Session/Bill/2021/976/BillText/er/HTML
https://doi.org/10.1177/1940082920966470
https://doi.org/10.1177/1940082920966470

	Data integration reveals that a statewide corridor initiative maintains greater wild turkey relative abundance and occupancy
	Abstract 
	Context 
	Objectives 
	Methods 
	Results 
	Conclusions 

	Introduction
	Methods
	Study area
	Data collation and sorting
	eBird’s presence and non-detection observations
	Florida Fish and Wildlife Conservation Commission (FWC) counts and productivity data
	iNaturalist’s presence points
	Covariates
	Statistical models
	Occupancy model
	Integrated model to estimate relative abundance


	Assessing variation in occupancy, relative abundance, and productivity inside and outside the FLWC
	Results
	Effects of land cover, temperature and human population on occupancy and relative abundance
	General variability in occupancy and relative abundance across Florida
	Variation in occupancy, relative abundance, and productivity inside and outside the wildlife corridor

	Discussion
	Relationships between land cover, temperature, and human population on wild turkey occupancy and relative abundance
	Relationships between occupancy, relative abundance, and productivity and the FLWC
	Challenges and opportunities to expand on this study

	Conclusion
	Acknowledgements 
	References


